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Introduction

• Existing federated noisy label learning (FNLL) addresses noise heterogeneity by 
distinguishing noisy clients from clean ones.
• 1) discarding clients
• loss of valuable information / noise residue
• 2) detect noisy clients, employ de-noise strategies(pseudo-labeling, knowledge 
distillation)
• still treat clients as either noisy or clean

• limited exploration
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Introduction

• early-stopping
• explores the dynamic optimization policies during the training of deep neural networks 
(DNNs)
• memorization effect that DNNs tend to frst memorize clean labels and then 
memorize noisy ones
• Extensive experiments have shown a positive correlation between the amount of clean 
data and critical parameters, suggesting more clean data need more critical model 
parameters to memorize them
• stopping training at a certain time point / on a non-critical segment of DNNs / stopping
the training of noise-sensitive layers / stopping the training of non-critical parameters
• these methods all require some prior knowledge(noise rate of training data)

• In federated learning, noise rates remain unknown and exhibit variations among 
heterogeneous clients
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Method

• Higher data quality is associated with a CoP 
distribution having many large values, and the shape 
of distributions with varying noise rates differs from 
the global distribution.
• The distance concerning the CoP of a low-data-
quality client may be the same as that of a high-data-
quality client (a horizontally fipped version of
a low-data-quality client).
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Data quality
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Parameter-adaptive Updating

Selective gradient decay (SeGD)

Noise-aware aggregation (NaAgg)
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