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(EE TN BATTN B
Be, R SRIEREHTERTN. FRIESEER,
T TIPS IRSER 2RI SOTA I3 ( ) | TS ESIE SOTA
) LAK CLIP {E/9%3tl. SEIEFE NVIDIA GeForce RTX A 100, GPU-hu
EZNISEY) #NT, TR Adam (FJIBFESIXR le-4. NETF le-5) , FERARIZE ggg‘ (5 e
ShhixEEss (DekFd)

. Houston MUUFL Trento
SElape | EEEhOC OA(%) AA(%) Kappa(%) | OA(%) AA(%) Kappa(%) | OA(%) AA(%) Kappa(%) ,
CLIP 35.83 42.75 32.44 51.62 38.26 3801 85.33 78.63 R2.47
LDSZAE 48.68 51.68 44.85 56.47 44.86 43.78 90.23 79.25 86.76 ,
MFRN-ML | 48.73 51.55 43.79 57.16 a4.54 43.12 90.81 79.33 86.04 )
2-shot | SCFormer | 49.09 52.93 46.11 57.37 46.94 45.13 91.55 80.05 88.24
HIPL 50.96 54.33 47.15 58.84 52.16 a47.37 92.11 80.14 88.59
MMPR 49.79 53.01 46.78 57.86 49.05 46.15 91.75 79.88 87.93 :
DiffCLIP 52.15 56.02 48.39 59.39 54.94 48.80 93.19 80.45 90.85
CLIP 5311 56.37 52.86 67.56 66.78 6321 52.76 51.66 92.53 L
LDS2AE 57.72 57.60 54.36 70.59 68.43 62.94 95.49 95.62 94.03
MFRN-ML | 58.03 60.59 55.71 72.36 70.28 65.39 95.54 95.78 94.02
8-shot SCFormer | 59.61 60.92 56.25 74.38 70.64 67.82 95.57 95.79 94.18
HIPL 60.36 63.89 57.54 75.65 72.63 69.15 95.98 9591 94.79
MMPR 59.98 62.57 56.92 74.67 71.68 67.98 95.63 95.72 94.33
DiffCLIP 61.93 65.93 58.95 77.60 74.97 71.53 96.30 96.22 95.09
CLIP 5631 50.08 54.32 67.30 71.79 65.10 01.28 93.11 92.43
LDS2AE 65.71 70.50 63.09 78.13 77.24 72.01 98.13 96.91 97.50
MFRN-ML | 74.49 77.81 73.22 78.83 77.45 72.32 98.25 96.98 97.43
20-shot | SCFormer | 74.97 78.16 73.80 79.11 78.55 73.23 98.27 96.95 97.36
HIPL 79.36 82.11 76.35 80.87 79.36 76.28 98.41 97.15 97.86
MMPR 77.93 80.26 75.70 80.02 78.71 74.63 98.40 97.03 97.42
DiffCLIP 81.87 84.09 80.40 81.81 80.67 76.64 98.60 97.90 98.13

F21 - |al few-shotiZ B F =T H#HE 1890 Ehas 5.
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Sample numbers | OA(%) AA(%) Kappa(%)
300 91.75 O9L.11 91.62 98— 98 oA
& e
500 9258 9176  93.00 o7 ~AA s M
700 94.80  94.24 93.28 8 T §gs e
m o
Eos E
E £ 95
@ g4 @
Settings | OA(%) AA(%) Kappa(%) g 7 5 O R~ 0 0 ) A
wlo Text 8935 89.66 89.01 PO AR R AR BN PP PP

w/o Diffusion 89.67 90.73 89.28 Mask Ratio Patch Size
w/o Mask 90.78 91.72 89.83
w/o Unsupervised | 87.82  88.94 87.76 B4 A~ [a] e LU AT/ T A/ DB AT BdiE 1L o 2R P R,

DiffCLIP 94.80 94.24 93.28
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=' == H =\ :E H =zl DT O 0 D P =p-3 =70 '
HZHANEIHYIE S350 =P p2 F Y, 5 1H SR = VAR Vel /o Hea
(T 4 ZRBA BT HETE EHVfE BRI R m e, pS £ plITEIRSE OA /ElREER S 0.54% s \
ij= = H = a = ) P H = == . .~ —
e
P2 K + 551X =
|Context length| Text prompts |OA(%) AA(%) Kappa(%) "R TR R AR SRERR r
pl 5~7 a patch of a {class name}. 97.61 98.12 97.26 p3 fEREE
p2| 6~8 a nice patch of a {class name}. 97.05 97.63 96.81 b
p3 T~9 a fusion patch of a {class name}. 97.63 98.11 97.34 pa 1€ + ZEHEE .
p4| 11~13  |a multimodal fusion patch of a {class name} with strong semantic information.| 97.93 98.51 97.64 HEFRERCRONTE, NOVIATOS, REET20MK, EEE, HIMRRREN" |
p5| 15~30 specific class text descriptions. 98.15 98.87 98.09 pS SRR \
"EIFE, NDVI0.52, #FE18/ER, BER, SUBEFE, IREE, HASEASER
Houston MUUFL Trento
Methods OA(%) AA(%) Kappa(%) | OA(%) AA(%) Kappa(%) | OA(%) AA(%) Kappa(%)
GLT | 9013 0042 8942 | 8275 7570 7867 | 9800 9775 9804 Method | ACC AUC SE SP
Sumervised | CALC | 8787 8892 8687 | 8194 6409 7701 | 9711 9231 9664
pecel MIVIT | 9321 9387 9275 | 83.13 7974 7891 | 9803 9796 9824 ELNet 0.630 0703 0.624 0.650
LDS?AE | 9488 9531 9446 | 8482 8219 8042 | 9877 9811 9842
RN-FSC | 9342 0453 0364 | 8483 7452 8125 | 9869 9766 9861 TransMed-S | 0.667 0.705 0.635 0.664
MFRN-ML | 9450 9538 9399 | 8478 7703 8107 | 9837 9771 9849
Fewsho | SCFomer | 9596 9625 9484 | 8493 7949 8139 | 9852 9786 9855 SSL-DcGaR | 0.731 0.758 0.723 0.734
HIPL | 9683 9701 9675 | 8545 8071 8218 | 9881 9815 9865
MMPR | 9654 9677 9598 | 8507 8036 8157 | 9843 9779 9846 DiffCLIP | 0.763 0.787 0.750 0.756
DIffCLIP | 98.15 9887  98.09 | 8698 8501 8281 | 9926 9884  98.95

#25:0A. AAFIKappaft = MEL: FA9LkFRES R,

Fe6 MRNet BRI AT L Fees .







